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Academic Dynamics on Electric Vehicle Adoption Mechanisms Based on Social and Infrastruc-
ture Exposure

Huang Zhiwei"*

(1. College of Transportation, Tongji University, Shanghai 201804, China; 2. Urban Mobility Institute,
Tongji University, Shanghai 201804, China)

Abstract: A review of selected papers from international academic journals is presented to summarize re-
search findings, theoretical approaches, and empirical analyses of urban transportation. The aim is to en-
hance the communication between industrial and academic fields in urban transportation, highlight interna-
tional research focuses, and promote academic exchange. The paper Seeing Is Believing: How Social and
Infrastructure Exposure Shape Electric Vehicle Adoption focuses on the Seattle — Tacoma metropolitan ar-
ea in the United States as the study area. Based on large-scale travel data, the paper develops a three-stage
analytical framework that integrates feature selection, nonlinear causal structures identification, and dual
machine learning for causal effects estimation method, systematically identifying the mechanisms through
which social and charging infrastructure exposure influence the adoption of electric vehicles (EV). The
findings reveal that social exposure directly promotes EV adoption, while charging infrastructure primarily
exerts an indirect effect by enhancing EV exposure; socioeconomic factors significantly influence the con-
version efficiency of the "visibility — adoption" relationship. Policy simulations further indicate that a bal-
anced distribution of infrastructure can increase overall EV adoption rates but exacerbate inequality; in con-
trast, targeted subsidies for low-income communities improve equity at the cost of lower overall adoption
efficiency.
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